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Fig.1 Backscattering intensity image of L band

Fig.2 False color composite SAR image
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APPLICATION OF SAR REMOTE SENSING DATA TO LITHOLOGICAL

IDENTIFICATION AND ROCK CLASSIFICATION
TAN Qulin
(School of Civil Engincering, Beijing Jiaotong University, Beijing 100044, China)

Abstract:  The interpretation and application of optic remote sensing images, including aerial photos and satellite
images, had become the indispensable tool for geological survey. In the paper, SAR remote sensing data were
used to identify different rocks and survey the lithological distribution in the north of Xinjiang Province. Firstly,
the multr frequency and multr polarization data w ere used to produce the false color composite image for visual irr
terpretation and lithological mapping by remote sensing digital image processing and enhancement. Secondly, the
various backscattering data of containing abundant information about rock’ s characteristics were put into the conr
puter Neural Network Classifier. The overall accuracy is 62. 6%.

Key Words: SAR remote sensing; image interpretation; geological survey; railway engineering



