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AREA EXPONENT OF WESTERN PACIFIC SUBTROPICAL HIGH FORECAST
MODEL BASED ON WAVELET DECOMPOSITION
SUPPORT VECTOR MACHINE

LIU Ke-feng" 2, ZHANG Ren" 2, YU Peng*, WANG Yan-lei!, YU Dan-dan'

1. Institute of Meteorology, PLA University of Science and Technology, Nanjing 211101, China;
2. | Guangzhou nstitute of Tropical and Marine Meteorology, CMA, Guangzhou 510080, China

Abstract Based on the method of wavelet decomposition and support vector machine, the area index of
western pacific subtropical high forecast model was established. By using this method, the area exponent of
western pacific subtropical high was decomposed into several relative simple band-pass signals. Then the
independent prediction models of decomposed signals with support vector machine were set up, and
independent predicted results were integrated. Finally, in order to assess and compare the effectiveness and
technical superiority of the paper used, the independent testing results with different models, such as WT
LS-SVM, neural networks and linear regression model were discussed in the same condition. The testing
results showed that the model based on support vector machine exhibited its properties of high forecast
accuracy, fast training, high generalization capability and easy modeling.

Key words: wavelet decomposition; least square support vector machine; subtropical high



