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Abstract: Reclamation caused a significant dynamic change in tidal flat, as an unstable reserve
land resource,tidal flat has important significance for its research.In order to realize the efficient
extraction of the tidal flat information, this paper took Rudong county in Jiangsu province as the
research area,using the HJ1A/1B images as the data source,on the basis of previous research ex-
perience and literature review, the paper chose the method of object-oriented classification as a
semi-automatic extraction method to generate waterlines . Then waterlines were analyzed by
DSAS software to obtain tide points,automatic extraction of outer boundary points were followed
under the use of Python to determine the extent of tidal flats in 2014 of Rudong county, the ex-
traction area was 55 182 hm?®,the confusion matrix was used to verify the accuracy and the result
showed that the kappa coefficient is 0.945. The result showed an applicability and operability to
extract tidal flat information from time and space domain.
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