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Prediction of Land Subsidence Based on A Residual Correction Model of the Grey Support Vector Machine

NING Zhijie' , YUAN Ying'?
(1. School of Urban Geology and Engineering ,Hebei GEO University ,Shijiazhuang ,Hebei 050031 ;2. Hebei Center for
Ecological and Environmental Geology Research ,Hebei GEO University ,Shijiazhuang , Hebei 050031 )

Abstract; Land subsidence is a common geologic hazard in many regions. The prediction of the amount of this surface process has received increasing

attention. In this work,a residual correction model of the gray support vector machine (GM(1,1) —=SVM) is established by combining the advantages of

the gray prediction (GM(1,1)) model and support vector machine (SVM) model. It highlights the influence of time series development trend and lowers

the negative effect of outliers in the sequence. Taken the data of 18 times of land subsidence of a high building as an example , the prediction effect of the

GM(1,1) —SVM model is tested. The results show that the GM(1,1) — SVM model has a relatively small error and high prediction accuracy compared

with the single GM(1,1) model,,which has certain guiding significance for the prediction of land subsidence.
Key words: land subsidence,land subsidence prediction, GM(1,1) model, GM(1,1) —SVM model
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